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Fairness metric Qx: recommendation 
quality on metric x

Investigating source of bias and proposing corresponding mitigation strategies

Group data imbalance: re-weighting Group calibration imbalance: re-ranking

• Both re-weighting and re-ranking improve fairness
• The combined method leads to the best performance

Larger improvement on 
low-performance group 
leads to better fairness

Fairness and Explainability: Bridging the Gap Towards Fair Model Explanations (AAAI’23)

Fairness and Diversity in Recommender Systems: A Survey (in submission, available on arxiv)

Online dating platforms
Increasing popularity

• Information overload
• Unawareness

Recommendation

• Gender
• Race
• Religion

Sexual 
Orientation
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Prefer/ignore the opposite gender at varied levels
Complex user behavior

Czech Republic Dating Network

OGIR: opposite gender interaction  ratio  (indicator of sexual orientation)

Whether user groups with various sexual orientations can be treated fairly?

What is the source of group performance gap? How to mitigate the bias?

Online dating recommender systems

Fairness

Whether different groups of users can be treated similarly?

• Interaction number
• Purchase amount

User interactions

Gender identity
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